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Abstract We review recent work on the intsinsic image decomposition that derives the reflectance and shading

components of a scene from input images. Furthermore we introduce our sparsity-based intrinsic image decompostion

and its application to color constancy problem.
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Two-input version of [25]

0 4 The intrinsic image decomposition result of Example 1: (left to right) Reflectance,

Shading of flash image, Shading of non-flash image

Algorithm 1 Algorithm for (8)

1: flash qi, and non-flash image g2 are given, and they are trans-

formed to log domain q; and qa.
: set k=0, and chose the weights ws;, wy; (i=1,2) and «, 7.
: Choose r(0), séo), zgo)(i =1,2,3,4).
: while a stop criterion is not satisfied do
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9: a=n-a k=k+1

10: end while
NOTE: f(a|b) indicates the function of the variable a with given
b.
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(a) Input flash/no-flash image pair

(b) Estimated shading components

0 5 Weiss[5] + Retinex [3]:
flash /no-flash image pair.

the result is obtained using a

Two-input version of [25] 08

0O 6 The final white-balanced result of Example 1: (left to right)
White-balanced result, and Close-up of the result.
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Example 2: Flower (3]
0O 7 Example 2: (Left to right) Reflectance, Shading of flash im-
age, and Shading of no-flash image obtained by our method.
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Proposed method

Example 2: The white-balanced results of (top to bottom)
MWB, [29], [25], and Proposed method.
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